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Recent Trends in Job Stability and Job Security

Abstract

Over the past few years there has been a keen interest, both in the popular press and
among researchers, in whether job stability and job security have declined. Anecdotal
evidence suggests that stability and security declined in the 1980s and 1990s. But academic
studies have been divided in their findings. This paper uses sheds additional light on this
question using data from the March CPS. The main advantage to using March CPS data is
that the transition variables are defined consistently over the 1975-76 through 2000-2001
period covered by my data. I find that overall job separation rates changed very little over
this time period, but that there were large changes in the component transitions.
Employment-to-unemployment transitions declined dramatically, indicating a significant
increase in job security. For men, nearly all of the increase in job security occurred in the
1990s, while for women, the increase was more uniform throughout the period. There was an
equally dramatic increase in employment-to-employment transitions (job changes with two or
fewer weeks of unemployment), indicating that it has become easier to change employers. |
also examine trends in these transitions treating married couples as a unit. I find that job
stability fell for married couples, but that job security increased. The decrease in stability
would have been smaller and the increase in security would have been larger were it not for
the increase in the proportion of couples in which the wife’s earnings are a significant share of
total earnings.



I. Introduction

Over the past few years, there has been a keen interest, both in the popular press and
among researchers, in whether job stability and job security have declined in recent years.! With
the recession that began in early 2001, there will be a renewed interest in this issue. Changes in
job security have obvious implications for the welfare of workers. It is well known that job
losers spend more time unemployed, and that they suffer persistent earnings losses after they find
new jobs.2 However, it is less obvious why we should care about job stability. A decline in job
stability could be either good news or bad news for workers, depending on the reason for the
decline. For example, job stability could decline because economic conditions have worsened
and workers have become more likely to lose jobs. Or stability could decline because economic
conditions have improved and workers are finding better jobs.

One reason stable jobs are desirable from a policy perspective is that often a large portion
of workers’ retirement benefits are tied to their jobs. It is well known that workers with defined
benefit plans receive substantially lower benefits if they change jobs frequently. However, job
changing could result in lower retirement benefits for workers in 401(k) plans if they cash out
their accounts when they separate from their employers. A study by Employee Benefit Research
Institute (Yakoboski 1997) shows that in 1996, 60 percent of job changers cashed out their

401(k) balances rather than rolling them over into a qualified plan or an IRA. Most of these

1 Job stability refers to the duration of jobs, without regard to the reasons for increasing or decreasing duration.
Examples of job stability measures used in the literature include retention rates (Swinnerton and Wial 1995,1996,
Marcotte 1996, and Diebold, Neumark, and Polsky 1996,1997, and Neumark, Polsky, and Hansen 1999), job tenure
(Farber 1998), the fraction of workers in new jobs (Jaeger and Stevens 1999), and turnover (Rose 1995, and Monks
and Pizer 1998). Job security refers to the extent to which job separations are involuntary. The primary measure of
job security is the rate of job loss (Polsky 1999, Farber 1997a,c, Boisjoly, Duncan, and Smeeding 1998, Monks and
Pizer 1998, and Valletta 1999) and the employment-to-unemployment transition rate (Stewart 2000).

2 See Ruhm (1991).



were younger workers cashing out relatively small balances. However, as noted by Yakoboski
(1997), “It can be argued from a financial planning perspective that even relatively small sums
can compound into nontrivial contributions to a retirement nest egg over a period of decades.
Furthermore, the importance of preservation of seemingly small balances is enhanced by the fact
that individuals may receive a number of these ‘small’ distributions over the course of a career.”

In this paper, I use transition data constructed from the 1976-2001 March Current
Population Survey (CPS) to examine trends in job stability from January 1975 through March
2001. The March CPS data have several advantages over other commonly used datasets. The
transition variables are consistently defined from the 1975-76 period through the 2000-2001
period, which permits me to look at trends over a longer period of time and to look at recent
trends. The large sample size of the March CPS makes it possible to identify changes for
specific demographic groups. The CPS collects information about everybody in the household,
so it is possible to examine trends for married couples. Although the March CPS data do not
have information on the reason for a separations, it is possible to classify separations into
component transitions that roughly correspond to the three gross flows transitions out of
employment (employment to employment, employment to unemployment, and employment to
not in labor force).

Extending the analysis to married couples is a significant addition to the literature,
because of the increased importance of wives’ earnings to family income. The fraction of
married women who worked any time during the year increased from 53 percent on 1975 to 64
percent in 2000. (The March employment-to-population ratio of married women increased from
43 percent in 1976 to 60 percent in 2001.) This greater labor force participation has led to an

increase in wives’ contributions to the earnings of married couples. In 1975, the wife earned 23



percent of the average couple’s total weekly earnings.3 By 2000, the wife’s share had increased
to 34 percent. The fraction of couples that rely on the wife’s earnings for a significant portion of
earnings also increased. In 1975, men were the primary earners (i.e., earned more than 60
percent of the couple’s income) in 77 percent of married couples, while women were the primary
earners in 6 percent of couples. The remaining 17 percent were equal-earner couples (i.e.,
couples in which both spouses earned 40 or more percent of the couple’s total earnings). By
2000, men were the primary earners in only 58 percent of married couples, while women were
primary earners in 12 percent. Equal-earner couples increased to 29 percent of all couples.
Ironically, the increased prevalence of equal-earner couples could have worked in the
direction of decreasing job stability and security. For equal-earner couples, the loss of either job
will result in a significant loss of income. In contrast, for primary-earner couples, a significant
loss of income occurs only if the primary earner loses his or her job. This implies that it is far
more likely that an equal-earner couple will experience a significant loss of income due to a job
loss. To illustrate, suppose that the chance of job loss is 5 percent in all jobs, and that husbands’
and wives’ job loss probabilities are not correlated. A primary-earner couple has a 5 percent
chance of a significant loss of income, while the equal-earner couple faces nearly a 10 percent

chance of a significant loss of income.

3 This average includes women who did not work for pay.

3-



I1. Background and Previous Research

The popular perception is that jobs were both less stable and less secure in the 1980s than
in the 1970s and that this decline in stability and security continued into the 1990s.# However,
the evidence from academic studies has been mixed.

Studies that have looked at job stability generally fall into two groups. Studies that used
data from the Panel Study of Income Dynamics (PSID) have found that job stability has
decreased (Rose 1995 and Marcotte 1996), while those that used data from the Current
Population Survey (CPS) Tenure Supplements have found little or no change in job stability
(Swinnerton and Wial 1995,1996, Farber 1998, and Diebold, Neumark, and Polsky 1997).5
Diebold, Neumark, and Polsky (1997) show that much of the decrease in job stability found in
the PSID can be traced to a change in the questions used to determine turnover. Even so, the
CPS tenure supplement is not without its problems. The main tenure question changed in 1983,
although it is less obvious how serious this break in series is. Given the difference in findings by
data source, much of the debate has centered on data issues and how to adjust for breaks in
series, most importantly how to handle breaks in series in both the CPS Tenure Supplement data
and the PSID.¢ Jaeger and Stevens (1999) took the natural step of comparing measures from
these two datasets. The found that there has been no change in the incidence of short duration
jobs,” and, more importantly, they found no difference between the two datasets.

Several more recent papers (Gottschalk and Moffitt 1999, Bansak and Raphael 1998, and

Fitzgerald 1999) have used SIPP data and found no change in job stability between the early

4 See Neumark and Polsky (1998).

5 Gottschalk and Moffitt (1994) make this point. It is worth noting that the studies using PSID data exclude
women.

6 See Stewart (1998) for a detailed discussion of the data issues in the job stability literature.

7 Gottschalk and Moffitt (1999) also find no change in job stability using PSID data.
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1980s and the early 1990s. The advantage of the SIPP data is that the measure of job stability is
consistently defined in all years. But the data span only 10 years--from the early 1980s through
the early 1990s. Hence, it is not possible to use SIPP data to compare the 1970s to the 1980s and
later years, or to look a recent trends in job stability.

Because the primary measure of job security is the job-loss rate, most researchers looking
at this question have used either the Current Population Survey (CPS) Displaced Worker
Supplements (DWS), the Panel Study of Income Dynamics (PSID), or the National Longitudinal
Surveys (NLS). Studies by Boisjoly, Duncan, and Smeeding (1998), Monks and Pizer (1998),
Polsky (1999), and Valletta (1999) have found that job loss appears to have been more common
in the late 1980s and early 1990s than in the 1970s. Polsky (1999) also found that the
consequences (lost earnings and likelihood of unemployment) have become more severe. But as
in the job stability debate, data quality is an important issue.® All of these datasets have, in
principle, the correct measure, but they also have breaks in series that make it difficult to
generate a consistent series over a long period (and sometimes even a short period) of time.
Although researchers have devised clever ways to adjust for these breaks in series, one can never
be sure whether observed changes are real or due to changes in the survey instruments.

Only two other studies that I am aware of look at trends in job stability and job security
past the early 1990s. Neumark, Polsky, and Hansen (1999) extends Diebold, Neumark, and
Polsky (1997) to include 4-year retention rates between 1991 and 1995. Farber (1997c, 2001)
extends an earlier paper (Farber 1997a) to include data from the 1996 and 2000 DWS.

Even over a period of time as short as the 1990s, these authors have had to address breaks

in series. In the study by Neumark, Polsky, and Hansen (1999), the break came about because

8 See Stewart (2000) for a discussion of the data issues in the job security literature.
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there was no Tenure Supplement in 1995. So in order to compute 4-year retention rates they
used tenure data from the 1995 CPS Contingent Worker Supplement, which asks different tenure
questions than the Tenure Supplements. After adjusting the data to account for the difference in
questions Neumark, Polsky, and Hansen found no change in overall job stability, although
stability increased for low tenure workers and decreased for higher tenure workers. In the
studies by Farber (1997¢,2001), the break in series was caused by a subtle change in wording of
the main question in the 1996 DWS. The 1996 question places greater emphasis on leaving a job
than do the earlier questions. This wording change most likely is the reason for the large
increase in the “Other” category (see Abraham 1997). Even ignoring the “Other” category, there
was still no decline in the job-loss rate after the 1990-91 recession, suggesting that job security
declined in the 1990s.

The present paper contributes to the literature by bringing a new data source to bear on
the issues of job stability and security, by analyzing trends through the 1990s, and by extending

the analysis to married couples.

II1. Data

In this study, I use data from the March CPS files from 1976-2001. My sample consists
of men and women age 19 and above in March? who worked at least one week in the previous
year, and were between the ages of 18 and 54 in March of the previous year. Because I am
interested in whether job stability has changed for workers in regular (post-schooling) jobs, I

omit individuals with less than one year of potential experience.!® I also excluded self-

9 T used 19 rather than 18 as the cutoff because the age refers to the age at the time of the survey.
10 T yse this restriction because it is not possible to identify students and recent graduates on a consistent basis over
the years covered by my data.
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employed workers!! and people who worked less that 35 hours per week in the previous year.
To simplify computation of standard errors and keep the dataset to a manageable size, I used
only the first four rotation groups leaving me with a sample of 550,845 observations.!2

To generate transition variables, I use information from both the Basic CPS and the
Income Supplement. The Basic CPS contains information about the individual’s labor force
status during the reference week in March, while the Income Supplement contains information
about what the individual was doing last year. Combining this information, it is possible to
determine whether a worker separated from his or her employer during the 14 2 months between
January of the previous year and March of the current year, and what type of transition the
worker experienced.

For my measure of job stability, I use the job separation rate. An upward trend in the job
separation rate indicates a decline in job stability. Because changes in the separation rate can
occur for many reasons, it is useful to classify separations into component transitions. Although
the March CPS data do not allow me to identify separations as being voluntary or involuntary, it
is possible to classify separations into three categories that roughly correspond to the gross flows
transitions. These are: job changes that are accompanied by two or fewer weeks of
unemployment (EE transitions),!3 employment-to-unemployment (EU) transitions (including job

changes that were accompanied by 3+ weeks of unemployment), and employment-to-not-in-

1 To insure that the sample is consistently defined over time, incorporated self-employed workers are included in
the sample. Also, I included wage and salary workers who have some self-employment income.

12 Using the full sample would result in a relatively small decline in standard errors. If the observations were
independent there would be a 40 percent reduction in the standard errors. But because each individual shows up
twice (in consecutive years) in the full sample, it would be necessary to account for the covariance between
observations making the actual reduction much smaller.

13 The two-or-fewer-weeks distinction was made because the weeks-unemployed-last-year question is not asked if
the worker worked 50 or more weeks during the previous year.

-7-



labor-force (EN) transitions.'* The EU transition rate is counter-cyclical (see Figures 1-3),
which indicates that EU transitions are largely involuntary. Furthermore, Stewart (2000) has
shown that nearly all of the variation in the EU transition rate is due to job loss.!> For this
reason, I use the EU transition rate as my measure of job security. The EE transition rate, in
contrast, is pro-cyclical, which indicates that these are largely voluntary transitions. Finally, I
would expect that the vast majority of EN transitions are voluntary, although they could include
some workers who lost a job, became unemployed, and then left the labor force because they

became discouraged.

Formal Definitions

An individual is considered to have separated from a job if he or she changed jobs or was
not employed in during the reference week in March. To be classified as a job changer, the
worker had to be employed during the reference week in March and meet at least one of the
following conditions: (1) the worker had more than one employer in the previous year,!6 (2) the

worker experienced more than one spell of unemployment in the previous year,!” or (3) the

14 Although the component transitions are similar to the gross flows transitions, there are a couple of important
differences. First, the gross flows count the number of transitions, while I count the number of people who make the
transition. For example, in the gross flows, someone who makes an EU transition, an UE transition, and another EU
transition would be counted as having experienced two EU transitions. In my analysis, I count one person as having
experienced an EU transition. This single counting is more appropriate, because I am interested in changes in the
fraction of workers who experienced these transitions, not the total number of transitions. Second, my definition of
an EE transition differs from the gross flows definition in that I only include workers who changed jobs. The gross
flows definition also includes people who worked at the same employer in both months.

15 Stewart’s (2000) EU transition rate is slightly different in that he does not include job changes that were
accompanied by 3+ weeks of unemployment.

16 One concern is that the number-of-employers question might be picking up multiple jobholders. However, the
question specifically states that concurrently held jobs are to be counted as one job. Further, the 1976-1987 Income
Supplements asked whether the respondent looked for work between jobs, which gives interviewers another
opportunity to make sure that the response to the number of employers question is correct. The looked-for-work
question was not asked in 1988 and later years, but there was no jump in the average number of jobs held last year
between 1987 and 1988. Hence, multiple jobholding does not a appear to be a problem.

17 This criterion does not include workers with exactly one spell of unemployment, because one spell of
unemployment does not imply a job change. It is impossible to tell whether the individual was initially unemployed
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worker reported a change in 1-digit industry code between the longest job last year and the main
job last week.18:19

Separations were classified into the three transitions as follows. Everybody who was
unemployed or NILF in March of the current year is classified as an EU or EN transition,
respectively. Individuals who changed jobs were divided into two groups: those whose job
changes were accompanied by 3 or more weeks of unemployment, and those whose job changes
were accompanied by 2 or fewer weeks of unemployment. Those with 3 or more weeks of
unemployment were classified as EU transitions, while all other job changes were classified as
EE transitions. Note that the numerator in these transition rates is not the number transitions, but
the number of workers who experienced the transition at least once during the 142 month period

between January of the previous year and the reference week in March of the current year.

Changes in the CPS

and found a job or was initially employed and left a job. Of course, workers with only one spell of unemployment
can still be classified as separations via (1) or (3).

By requiring at least two spells of unemployment, I implicitly assume that the worker held a job between
the two spells. It is possible that the individual left the labor force between the spells of unemployment. A
misclassification would occur only if the worker began the year unemployed and experienced the following
transitions: unemployed to NILF, NILF to unemployed, and unemployed to working. To avoid this
misclassification, I did not include individuals who reported that they worked in the same job in March, because
these are likely to be temporary layoffs. Individuals were considered to be in the same job if the industry and
occupation codes for longest job last year matched (at the three-digit level) the industry and occupation codes for the
main job in March.

18 The main reason for including this criterion is to detect job changes that occurred between December of the
previous year and the reference week in March. This criterion also picks up separations that occurred in the
previous year, but were not picked up by (1) because the person did not find a new job until the current year.

It is possible to use changes in the industry code to determine whether a job change occurred because
industry and occupation are dependently coded. This means that the interviewer determines whether the
respondent’s job last year is the same as the job last week based on the verbatim descriptions of the two jobs and
additional probes when necessary. If the jobs were the same, the interviewer marks a check item and the longest job
last year was given the same industry and occupation codes as the main job last week. If not, the industry and
occupation codes are collected as usual. The advantage of dependent coding is that it greatly reduces the number of
spurious changes in industry and occupation codes.



An important issue in the job stability and job security literature is the comparability of
data over time. While there have been no changes in the main questions used to determine
turnover, there have been two changes in the CPS during the period covered by my data.
Fortunately, both of these changes have been well documented, and there are data available from
which I can derive adjustment factors. Below, I describe these breaks and my adjustments.

The first change occurred in 1989 when the Census Bureau overhauled the CPS
processing system. There were many changes, but what is most relevant for my purposes is that
Census changed the procedures used to impute missing data. Beginning in 1989, the Census
changed the criteria by which variables were allocated, and it began imputing entire Income
Supplement records using a hot deck procedure (I will refer to these observations as “FL-665
observations”).20

There are several reasons why an entire record would be imputed. First, it may not have
been possible to match the Income Supplement record to the Basic record for an individual in the
household, even though other individuals were matched.?! Second, it was not possible to match
the Income Supplement record to the Basic record for anybody in the household. Finally, the
entire record would be imputed if there were not enough data collected on the Income

Supplement. Although allocating the entire record for these cases means that some collected

19 The vast majority (81.1 percent) of all job changes were identified by the number-of-jobs condition. The
remaining 18.9 percent were identified by unemployment spells condition (6.4 percent), and the industry-change
condition (12.5 percent).

20 1deally, imputed values would be omitted from the sample. Unfortunately, it is not possible to identify imputed
values for industry last year before 1989, and only some imputed values can be identified in 1989 and later years.
Since I am looking at trends, it is more important that the data be as consistent as possible over time as possible.
Hence, except for the FL-665 observations described below and in the Appendix, imputed values are included, even
for years when they can be identified.

21 This type of missing observation occurred because the Basic CPS and the Income Supplement were separate
booklets. With the advent of computer assisted interviewing, these types of nonmatches were eliminated.
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data are not used, it has the advantage of insuring that the data on a single record are internally
consistent.

Overall, about 10 percent of the post-1988 sample is composed of FL-665 observations,
with the second reason (no matches for anybody in the household) accounting for the lion’s
share--about 80 percent. Anecdotal evidence suggests that about half of these, about 40 percent
of FL-665 observations, were allocated because the interviewer chose not to conduct the
interview.22 Therefore, up to 60 percent of FL-665 observations, or about 6 percent of the
sample, are missing for reasons related to the respondent. Keep in mind that these observations
still would have been allocated under the old processing system, but they would have been
allocated using different procedures. Hence, my goal in adjusting the data is to make the pre-
1989 data and the post-1988 data as comparable as possible. Because it is not possible to
identify the observations that would have been FL-665 observations in the pre-1989 data, my
adjustment tries to replicate the earlier processing system in the later data. So I omit all of the
FL-665 observations from my sample, and make two adjustments to the remaining data.

Both of the adjustments are straightforward. The first adjustment reweights the data to
account for the fact that the demographic composition of the FL-665 observations differs
somewhat from that of the rest of the sample. For each year of the sample, I estimated the
probability that an observation is a FL-665 observation based on demographic characteristics and
labor force status from the Basic CPS. I then use these predicted probabilities to reweight the
data so that observations that are more likely to be missing are given greater weight. This

adjustment maintains the composition of the sample.

22 In the past there were not strong incentives to collect the supplement data. Interviewers’ performance evaluations
were based on completion of Basic CPS interviews, but not on supplements. To illustrate, when the Los Angeles
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The second adjustment corrects for any within group differences in the probability of a
transition that are attributable to the difference in processing systems. To make this adjustment it
is necessary to have data that were processed under both the new and old processing systems.
Fortunately, such data exist. The March 1988 CPS, which was the last data file to be processed
under the old system, was reprocessed using the new system. For each type of transition, I
computed the transition rate for each of 32 age/education/sex cells using the two versions of the
March 1988 CPS data. For each cell and each transition, I computed the ratio of the transition
rate from the data processed under the new and old systems. This yielded 32 adjustment factors
for each of the 4 transitions I examine. Finally, I reweighted the microdata using these
adjustment factors.

The second change occurred in 1994. In that year, the Basic CPS questionnaire was
completely redesigned and computer assisted interviewing (CAI) was introduced. The March
CPS was not redesigned, although it was converted to CAI. Most of the variables used to define
separations come from the Income Supplement and, hence, were not affected by the redesign.
The variable that is potentially affected is the Employment Status Recode (ESR [PEMLR in the
redesigned CPS]).23

Research by Polivka and Miller (1998) provides some guidance on how to adjust the

data. They found that the redesign had a small effect on the unemployment rate.?* So I

field office increased the incentives to collect supplemental data, the number of missing supplements fell by about
half.

23 The industry and occupation sequence of questions changed as well. The primary difference is that they are now
dependently coded from month to month. This does not affect criterion (3) for identifying job changers, because
industry is still dependently coded between the main job last week and the longest job held last year.

24 The effect on the unemployment rate was larger for people aged 55 and older. However, by restricting my
analysis to people with 40 or fewer years of potential experience, there are very few of 55+ year-old workers in my
sample.
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reweighted the pre-1994 microdata using the adjustment factors in Polivka and Miller (1998) to

make them comparable to the post-1993 data.?

IV. Trends in Job Stability and Job Security

Figures 1-3 summarize the trends of the four transitions for all workers, men, and
women. Overall job stability did not change much over the 1975-2000 period, but there were
sharp differences between men and women. The separation rate for all workers decreased
slightly (from 25.0 percent to 22.9 percent), with the decline being larger for women (5.3
percentage points) than for men (0.7 percentage points). The slight decline in the overall
separation rate masks significant changes in the component transitions. The EE transition rate
increased by 5.1 percentage points (59 percent), while the EU transition rate fell by 5.0
percentage points (47 percent). The large decline in the EU transition rate indicates that job
security increased significantly over this time period. We can also see that the larger decline in
the separation rate for women is largely due to the dramatic decline the in their EN transition
rate. This is consistent with the trend toward greater labor force participation among women,
and it suggests that much of the increase in female employment is due to a lower exit rate from
employment.

Table 1 shows the coefficients from probit equations estimated over the entire sample.
All equations include a time trend variable as well as dummy variables to control for race
(white/nonwhite), marital status, age (4 categories), education (4 categories), and region (4
categories). To simplify presentation, I have omitted the coefficients on the control variables.

The top row of Table 1 contains coefficients on the time trend variable for each transition for all

25 The adjustment for other EU transitions accounts for that job changes that are accompanied by some
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men and all women. Subsequent rows contain coefficients on the time trend variable interacted
with age, education, and race variables. Separate equations were run for each group of variables,
and all coefficients are expressed as marginal effects. Table 2 shows the change over the 1975-
2000 period (calculated from the probit estimates) as a percentage of 1975 transition rates.
Results from probit equations confirm that, even after controlling for demographic
changes, there have been only slight changes in the overall separation rate for men and women
and significant changes in some of the component transitions. For both men and women, there
was a large increase in the EE transition rate and a large decline in the EU transition rate. The
EN transition rate decreased significantly for women, and remained roughly constant for men.
Looking at the lower portion of Tables 1 and 2, one can see that that job security has

increased for virtually all demographic groups, and that these changes have not been uniform.

EU transition rates

Although there was a strong decline in the overall EU transition rate, the decline was not
uniform. The decline in the EU transition rate was larger (both in relative and absolute terms)
for men than for women. Among men, the decline in the EU transition rate was concentrated
among younger workers (19-24 and 25-34 year-olds). There was no statistically significant
change for 35-44 year-olds, and the EU transition rate for 45-54 year-olds actually increased.
Initial EU transition rates were monotonically decreasing in age, so that these trends have tended
to equalize EU transition rates across age groups. For women the changes were more evenly
distributed. The EU transition rate fell for every age group except 35-44 year-olds, who did not

see any statistically significant change.

unemployment are not affected.
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All education levels saw a decrease in EU transition rates during this time period. For
men, the decrease in EU transition rates was larger among High School Graduates and those with
Some College. Employment-to-unemployment transition rates also decreased among High
School Dropouts and College Graduates, but the decreases were not as dramatic. Among
women, the decline in the EU transition rate monotonically increased with education, with High
School Dropouts seeing no change. These trends tended to magnify initial differences across
education levels.

The EU transition rate fell significantly for married men and women. The percentage
point decrease in the EU transition rate was over twice as large for unmarried men, but relative
decline was about the same for the two groups. Among women the decline, both the percentage
point decline and the relative decline, was larger for married women than for unmarried women.

The relative decline in the EU transition rate was larger for whites than for nonwhites.
Initially, the EU transition rate for nonwhite men was about 31 percent higher than the rate for
whites. The absolute difference has remained about the same, which means that the relative gap
has increased.

These trends indicate that job security has increased for nearly all demographic groups,
and that there were significant differences across groups. In some cases, these differences tended

to equalize differences across groups, while in other cases the differences magnified differences.

EE transition rates

The most dramatic trend has been the sharp increase in EE transition rates. The EE
transition rate increased by 45 percent for men and by 58 percent for women. As one would
expect, initial EE transition rates monotonically decreased with age, reflecting the fact that

workers job shop early in their careers and gradually settle into more permanent jobs. However,
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trends in EE transition rates have worked in the opposite direction. For both men and women,
the relative increase in the EE transition rate increased with age, with the rates for 45-54 year-old
men and women more than doubling. Younger workers still change jobs more frequently, but
these trends have narrowed the gap considerably.

By education, the changes were more uniformly distributed, and there were some
differences between men and women. As expected, initial EE transition rates were lower for less
educated workers.2® Among women, the large relative increase in the EE transition rate among
less educated women tended to narrow the initial differences across education levels, while for
men the pattern was less clear. The trends narrowed the differences between the rates for High
School Graduates and men with Some College relative to the rate for College Graduates.
Although the EE transition rate for male High School Dropouts increased over the period, the
increase was smaller than for more educated workers.

By race, the EE transition rate increased more, both relatively and absolutely, for
nonwhites than for whites. Given the higher initial EE transition rates among whites, these
trends have tended to equalize rates.

Married men and women saw the greatest relative increase in EE transition rates, with the
difference between the two groups being greater for men than for women. These changes
virtually eliminated differences between married and unmarried men, and narrowed the relative
gap between married and unmarried women.

The increase in EE transition rates suggests that it has become easier to change jobs, and

that on-the-job search may have become a more important phenomenon.

26 This finding is consistent with Royalty (1998). It is also consistent with the findings of Hyson and Polivka
(2001), who find that on-the-job search is more prevalent among more educated workers.
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EN transition rates

The changes in EN transition rates were fairly predictable--there was a slight increase
(not statistically significant) among men and a large decline among women. For men, the EN
transition rate increased among less educated workers (High School Dropouts and High School
Graduates), and declined or remained constant among more educated workers (men with Some
College and College Graduates). Nonwhite and married men also experienced increases. The
absence of any statistically significant increase in the overall EN transition rate is consistent with
Juhn’s (1992) finding that most of the increase in the nonemployment rate of men can be
explained by a decline in nonemployment-to-employment transitions rather than an increase in
employment-to-nonemployment transitions. Among women, the EN transition rate declined for
all groups except 19-24 year-olds and single women. Perhaps the most notable pattern is that the
relative decline in the EN transition rate increased with education. There was a similar pattern
by age. The two oldest age groups, who initially had the lowest EN transition rates, saw the
greatest relative decline. Hence, trends in EN transition rates magnified the initial differences

between older and younger women and between more educated and less educated women.

Did Job Stability and Job Security Decline in the 1990s?

The short answer is no. Overall job stability increased slightly, while job security
increased significantly. Table 3 shows the coefficient from probit equations estimated over the
1988-2000 period. The equations are identical to the ones in Table 1 except for the time period.
Table 4 shows the change over the 1988-2000 period as a percentage of transition rates in 1988.
Comparing the coefficients and percentages in Tables 3 and 4 to those in Tables 1 and 2, one can
see that the 1988-2000 period looks considerably different from the 1975-2000 period, indicating

significant changes in the 1990s.
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The EU transition rate of both men and women continued to decline in the 1990s. For
men, the coefficient in Table 3 is more than twice the coefficient in Table 1 implying that nearly
all of the decline in the EU transition rate occurred in the 1990s. In contrast, the rate of decline
for women was about the same for the 1988-2000 period as it was for the entire 1975-2000
period, indicating that about half of the decline occurred in the 1990s.

Looking at the trends by age, education, race and marital status reveals more differences.
In the 1990s, trends in the EU transition rates of men have tended to magnify differences by age,
education, race, and marital status. This is in contrast to 1975-2000 period, during which the
trends tended to narrow differences by age and maintain differences by race and marital status.
Among women, the trends were more similar to those of the 1975-2000 period. The trends by
education group generally narrowed differences in the 1990s, in contrast to magnification of
differences that occurred over the entire 1975-2000 period. By race and marital status, the trends
continued to magnify differences across groups.

In contrast to the EU transition rate, the increase in the EE transition rate slowed down
considerably in the 1990s. One can see that the slowdown was fairly uniform across groups,
with a number of groups showing no statistically significant change during the 1990s. This is in
sharp contrast to the dramatic increases for the entire 1975-2000 period, and indicates that most
of the increase in EE transition rates occurred in the late 1970s and the 1980s.

A look at EN transition rates reveals a few surprises. The EN transition rate for women
remained essentially constant during the 1990s, and there was virtually no variation across
groups. Married women were the only group to deviate, having experienced a slight decrease in
their EN transition rate. Among men, the overall EN transition rate increased significantly, but

this increase is entirely due to a downward blip in the EN transition rate in 1988. When the
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equations are reestimated over the 1989-2001 period the overall EN transition rate for men does
not exhibit any statistically significant upward trend, although the EN transition rates for 35-44
year-olds and High School Graduates continued to increase. The coefficients for these two
groups were significantly larger in the 1989-2001 regressions indicating an acceleration of the

rate of increase for these groups.

Married Couples

Looking at married couples as single entities required just a few straightforward
modifications to the sample inclusion criteria and the transition definitions. A couple is included
in the sample if either spouse was included in the sample of individuals. Defining transitions
was a little more complicated, because I focus on jobs that are important to the economic
security of the couple. A couple is considered to have experienced a transition if at least one
spouse met the following conditions: the spouse was included in the sample of individuals, the
spouse earned at least 40 percent of the couple’s total earnings, and the spouse experienced the
transition in question. It is important to recognize that, in contrast to the transitions of
individuals, the component transitions are not mutually exclusive. For example, the wife could
have experienced an EE transition, while the husband experienced an EN transition. As above,
separate equations were run for each transition, so this couple would show up as having
experienced both an EE and an EN transition in the respective equations.

Table 5 shows the coefficients from probit equations estimated over the sample of
married couples. All equations include a time trend variable as well as dummy variables to
control for race (white/nonwhite), husband’s and wife’s age (4 categories each), husband’s and
wife’s education (4 categories each), and region (4 categories). To simplify presentation, I have

omitted the coefficients on the control variables. The top row of Table 5 contains coefficients on
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the time trend variable for each transition. The second row is the same as the first, except that it
includes controls for the composition of earner categories. Subsequent rows contain coefficients
on the time trend variable interacted with three earner category variables (husband primary
earner, wife primary earner, equal earner). All coefficients are expressed as marginal effects.
The bottom panel of Table 5 shows the change over the 1975-2000 period as a percentage of the
1975 transition rates.

Between 1975 and 2000, the trends in transition rates for couples were very similar to
those for individuals. There was a moderate increase in the separation rate, which was the result
of a large increase in the EE transition rate, a moderate decrease in the EU transition rate, and a
slight decrease in the EN transition rate.

The decline in EU transition rates indicates that job security increased for all earner
categories. Wife primary-earner couples saw the largest decline, which tended to narrow the
difference in transition rates between wife primary-earner and husband primary-earner couples.
There was a moderate decline in the EU transition rate of equal-earner couples, but, not
surprisingly, their EU transition rate is still considerably higher than the rates for wife primary-
earner and husband primary-earner couples. If the distribution of earner categories had remained
the same, the EU transition rate would have declined by 21 percent rather than 16. Hence, it
appears that the shift toward two-earner couples has worked in the direction of reducing job
security, rather than increasing it.

As was the case for individuals, there was a dramatic increase in EE transition rates. All
earner categories saw substantial increases, with the rate for wife primary-earner couples
doubling. These trends have equalized the EE transition rates of wife primary-earner and

husband primary-earner couples. Not surprisingly, the EE transition rate for equal-earner
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couples is still higher than for the other types, but the difference is much smaller. It is worth
noting that some of the overall increase in the EE transition rate is due to changes in the
distribution of types. Controlling for composition, the increase in the overall EE transition rate
was 52 percent versus the actual change of 61 percent.

The slight increase in the overall EN transition rate primarily was due to the increase in
the fraction of wife primary-earner and equal-earner couples, who have higher EN transition
rates. The EN transition rate of husband primary-earner couples doubled, but their initial EN
transition rates were so low (an order of magnitude smaller than the other earner categories) that
the increase had little effect on the overall rate. If there had been no change in composition, the
EN transition rate would have fallen by 11 instead of increasing by 6 percent. Hence, the decline
in EN transitions among wife primary-earner and equal-earner couples was not enough to offset
the effect of compositional changes.

Looking at the coefficients in the right panel of Table 5, one can see that there were some
changes in the 1990s. The EE transition rate increased at a slightly faster rate (in absolute terms)
in the 1990s, and was due to an acceleration in the rate for husband primary-earner couples.
Other earner categories saw a sharp deceleration in their EE transition rates. The decline in the
EU transition rate accelerated. Again, this acceleration was due to husband primary-earner
couples. There appears to have been a slight acceleration in the increase in the EN transition rate
among husband primary-earner couples, but, as noted above, this acceleration is due to the
downward blip in the EN transition rate in 1988. When I reestimated the probit equation over
the 1989-2001 period, there was no statistically significant change in the EN transition rate of
husband primary-earner couples. Nor was there a statistically significant change in the EN

transition rate for wife primary-earner couples and equal-earner couples, which implies that the
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decline in the EN transition rate among married women was due to a decline among women

whose earnings comprise less than 40 percent of the couples earnings.

V. Discussion and Conclusions

The evidence presented here indicates that job stability, as measured by separation rates,
has remained constant over the 1975-2000 period, but that there have been significant changes in
the component transitions. Employment-to-unemployment transition rates have fallen, and EE
transition rates have increased. The decreases in EU transition rates were not uniform across
groups. Among men, the trends tended to narrow initial differences by age, while the trends for
women tended to magnify initial differences by education. Interestingly, much of the decline in
EU transition rates occurred in the 1990s. About half the decline for women and nearly all of the
decline among men occurred in the 1990s.

As with EU transitions, the increases in EE transition rates were not uniform across
groups, and these differences tended to narrow differences across groups. Among men, trends in
EE transition rates tended to equalize differences by age, and for women trends in EE transition
rates tended to narrow differences by education level. In the 1990s, the increase in EE transition
rates slowed considerably. It is interesting to note that, over this period, the job-change rate (the
fraction of workers who had two or more employers during the previous year) remained fairly
constant. But there was a significant increase in the fraction job changers who experienced two
or fewer weeks of unemployment, and a similar decrease in the fraction that experienced three or
more weeks of unemployment. Hence, a much larger fraction of job changes are now occurring
without any intervening spell of unemployment. This suggests that on-the-job search may have
become more important since 1975, and that there may have been a decrease in the natural rate

of unemployment.
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The trends in EN transition rates were fairly predictable. Over the 1975-2000 period
there were large declines for women, while the rates for men did not change. However, the
1990s appear to be different. The EN transition rate for women remained essentially constant,
indicating that virtually all of the decline in EN transition rates occurred before 1988. And the
EN transition rate for men began to increase. There were large increases in the EN transition
rates of 35-44 year-old men and male high school graduates.

Looking at married couples I found that job stability decreased, but that job security
increased. The overall separation rate increased moderately, which was due to a large increase in
the EE transition rate, a moderate decrease in the EU transition rate, and a slight decrease in the
EN transition rate. Although most of these changes in transition rates were due to within-group
changes, changes in the composition of earner categories (husband primary-earner, wife primary-
earner, and equal-earner) away from husband primary-earner couples played a role. This
compositional change resulted in a larger increase in the separation rate and the EE transition
rate, and in the smaller decrease in the EU transition rate. Thus, it appears that the shift away
from husband primary-earner couples has worked in the direction of reducing job stability and

security for married couples.
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Appendix

Using Industry Codes to Detect Job Changes

It is possible to use changes in the industry code to determine whether a job change
occurred because industry and occupation are dependently coded. The interviewer determines
whether the respondent’s longest job last year is the same as the main job last week based on the
verbatim descriptions of the two jobs, and probes when necessary. If the jobs are the same, the
interviewer marks a check item and the longest job last year was given the same 3-digit industry
and occupation codes as the main job last week.2” If not, the industry and occupation codes are
collected as usual (that is, independently). The advantage of dependent coding is that it greatly
reduces the number of spurious changes in industry and occupation codes.

Unfortunately, the CPS defines a job as a position, so that industry and occupation are
supposed to be coded independently if a worker gets a promotion or has some other within
employer job change. This implies that changes in occupation that are not accompanied by a
change in industry may be within-employer job changes. It is for this reason that I use only the
industry code to identify a job change.

Next, I had to determine whether to use 1-, 2-, or 3-digit industry codes. The level of
coding is important, because with independent industry coding it is possible to generate spurious
job changes. Tests connected with the CPS redesign show that independent coding at the 3-digit
level results in a large number of spurious transitions. Month-to-month changes in 3-digit
industry codes were 23 percent, compared with the estimated true changes of 3.8-4.2 percent.2®

Given the high number of spurious transitions that would result, I do not use changes in 3-digit

27 Unfortunately, the check item is not on the March tapes.
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industry codes to detect changes in employment. Using 2-digit codes resulted in nearly as many
job changes, but the number fell off considerably for 1-digit industry codes. Hence, I took the
conservative approach of using 1-digit industry codes to determine whether a worker changed
employers.2?

Unfortunately, the CPS defines a job as a position, so that industry and occupation are
coded independently if a worker gets a promotion or has some other within-employer job
change. Hence, changes in occupation that are not accompanied by a change in industry are
most likely within-employer job changes, which is why I use only the industry code to identify a
job change. But with independent coding it is possible for the industry code to change even if
the worker did not change employers. Hence, the question becomes whether to use 1-, 2-, or 3-
digit industry codes. Tests connected with the 1994 redesign of the CPS show that independent
coding at the 3-digit level results in a large number of spurious transitions. Month-to-month
changes in 3-digit industry codes were 23 percent, compared with estimated true changes of 3.8-
4.2 percent.3? Given the high number of spurious transitions that would result, I do not use
changes in 3-digit industry codes to detect changes in employment. Using 2-digit codes resulted
in nearly as many job changes, but the number fell off considerably for 1-digit industry codes.
Given this, I took the conservative approach of using 1-digit industry codes to determine whether

a worker changed employers.

28 When industry was dependently coded, the month-to-month changes fell to 5 percent (see Polivka and Rothgeb
1993).

29 T experimented with several ways of defining turnover. Although there were differences in levels (as expected)
the trends were remarkably similar. Table 6 shows the results of linear time trend regressions on alternative
measures of turnover.

30 When industry was dependently coded, the month-to-month changes fell to 5 percent (see Polivka and Rothgeb
[1993]).
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Changes in Census Imputation Procedures

In 1989, the Census Bureau changed the procedures it uses to impute missing data. Prior
to 1989, the Census Bureau imputed industry and occupation codes in one of two ways. First, if
only a few income and labor market history variables were missing, then each variable was
imputed separately. Industry and occupation codes were carried over from the current job from
the Basic CPS. This imputation procedure misses actual changes in industry and occupation
codes, which results in an underestimate of the number of job changes. The second method of
imputing industry and occupation codes tends to generate spurious job changes. The Census
Bureau separated the income and work history variables into two groups; variables about earned
income, and variables about unearned income. If more than a few variables were missing from
either group, Census would impute all variables of that group from a single observation. This
was done to make the variables in the group internally consistent. However, when the earned
income variables were imputed as a group, industry and occupation codes were very likely to
change, which would cause me to overestimate job changes. Unfortunately, there are no
allocation flags for industry and occupation prior to 1989, so it is impossible to correct for these
imputation procedures. However, it is likely that the effect of these procedures is fairly constant
over time. Although these procedures may affect my estimates of the level of the job change
rate, they should not affect comparisons across demographic groups or changes over time.

In 1989, the Census bureau changed it allocation procedures and began allocating entire
records. The advantage of this type of allocation is that all of the income data are internally
consistent within an observation. A disadvantage is that often good data are thrown away. The

Census Bureau imputes industry and occupation codes along with other work and income data,
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even if industry and occupation codes are available or could have been imputed from the current
year’s data.

The introduction of these FL-665 observations would not be a particular problem for my
purposes if these were used instead of the imputation-by-groups-of-variables approach described
above. If this were the case, there would be no significant changes in spurious job changes.
However, Census changed the criteria by which data were allocated. Under the new system a
larger fraction of industry and occupation codes were allocated using the hot deck procedure than
in previous years. Between about 9.5 and about 13.5 percent of all records are Type A
allocations. With no correction, this change would have had the effect of significantly increasing

the separation and job change rates.
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Table 1. Trends in Job Separation Rates - 1975-2000

Marginal Effects Estimated from Probit Equations

Men Women
All All
Separations EE EU EN Separations EE EU EN
All 0.0004 ** 0.0016 ** -0.0013 ** 0.0001 -0.0003 * 0.0020 ** -0.0008 ** -0.0014 **
(0.0001) (0.0001) (0.0001) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001)
Age
19-24 -0.0013 ** 0.0014 ** -0.0026 ** 0.0003 ** -0.0001 0.0016 ** -0.0012 ** -0.0002
(0.0003) (0.0002) (0.0001) (0.0001) (0.0003) (0.0002) (0.0002) (0.0001)
25-34 -0.0011 ** 0.0011 ** -0.0021 ** -0.0002 ** -0.0013 ** 0.0021 ** -0.0011 ** -0.0020 **
(0.0002) (0.0001) (0.0001) (0.0001) (0.0002) (0.0001) (0.0001) (0.0001)
35-44 0.0020 ** 0.0020 ** -0.0002 0.0002 ** -0.0001 0.0015 ** -0.0003 -0.0014 **
(0.0002) (0.0001) (0.0001) (0.0001) (0.0002) (0.0002) (0.0001) (0.0001)
45-54 0.0025 ** 0.0022 ** 0.0003 * 0.0000 0.0010 ** 0.0027 ** -0.0004 ** -0.0012 **
(0.0002) (0.0002) (0.0002) (0.0001) (0.0003) (0.0002) (0.0002) (0.0001)
Education
High School Dropouts -0.0006 * 0.0008 ** -0.0011 ** 0.0003 ** -0.0009 ** 0.0017 ** -0.0003 -0.0010 **
(0.0002) (0.0002) (0.0001) (0.0001) (0.0003) (0.0003) (0.0002) (0.0002)
High School 0.0003 0.0017 ** -0.0014 ** 0.0002 ** -0.0005 ** 0.0021 ** -0.0009 ** -0.0013 **
(0.0002) (0.0001) (0.0001) (0.0001) (0.0002) (0.0001) (0.0001) (0.0001)
Some College 0.0001 0.0019 ** -0.0018 ** -0.0002 ** -0.0003 0.0021 ** -0.0010 ** -0.0015 **
(0.0002) (0.0001) (0.0001) (0.0001) (0.0002) (0.0002) (0.0001) (0.0001)
College Graduates 0.0017 0.0016 ** -0.0004 ** -0.0001 0.0004 0.0018 ** -0.0007 ** -0.0018 **
(0.0002) (0.0001) (0.0002) (0.0001) (0.0003) (0.0002) (0.0002) (0.0002)
Race
White 0.0004 ** 0.0016 ** -0.0013 ** 0.0000 -0.0007 ** 0.0017 ** -0.0009 ** -0.0015 **
(0.0001) (0.0001) (0.0001) (0.0000) (0.0001) (0.0001) (0.0001) (0.0001)
Nonwhite 0.0004 0.0017 ** -0.0013 ** 0.0003 ** 0.0014 ** 0.0033 ** -0.0005 ** -0.0007 **
(0.0003) (0.0002) (0.0002) (0.0001) (0.0003) (0.0002) (0.0002) (0.0002)
Marital Status
Married-spouse present 0.0012 ** 0.0017 ** -0.0009 ** 0.0001 * -0.0019 ** 0.0017 ** -0.0009 ** -0.0021 **
(0.0001) (0.0001) (0.0001) (0.0000) (0.0002) (0.0001) (0.0001) (0.0001)
Other -0.0008 ** 0.0015 ** -0.0018 ** 0.0000 0.0017 ** 0.0022 ** -0.0007 ** 0.0000
(0.0002) (0.0001) (0.0001) (0.0000) (0.0002) (0.0001) (0.0001) (0.0001)

Note: Standard errors are in parentheses. ** indicates significance at the 1-percent level. * indicates significance at
the 5-percent level. Separate equations were run for each group of variables, and each equation includes dummy variables
to control for race, age, education, marital status, and region.



Table 2. Change over 1975-2000 period (as a percentage of 1975 transition rates)

Men Women
All All
Separations EE EU EN Separations EE EU EN

All 4.56%  45.22% -28.50% 5.35% 271%  58.47% -20.30% -30.49%
Age

19-24 -7.54%  25.44% -25.73% 12.49% -0.67%  30.33% -16.89% -2.86%

25-34 -10.27%  23.23% -43.78% -17.40% -9.44% 5453% -29.70% -34.78%

35-44 33.81% 78.67% -8.55% 37.09% -0.72%  52.18% -8.85% -53.71%

45-54 51.43% 144.08%  13.57% -1.46% 15.22% 190.11% -19.10% -46.88%
Education

High School Dropouts -5.08% 23.40% -18.40% 18.89% -6.25%  69.39% -5.28% -14.47%

High School 3.37% 59.50% -28.00% 32.90% -4.75% 67.71% -21.72% -32.98%

Some College 1.02% 47.21% -40.55% -12.95% -2.38% 4759% -26.27% -33.03%

College Graduates 2457%  35.52% -21.42% -24.84% 4.39%  41.83% -34.57% -65.95%
Race

White 4.68%  43.62% -29.48% 0.39% -567% 48.41% -22.28% -33.51%

Nonwhite 3.75% 61.71% -22.38% 19.77% 13.05% 146.64% -12.53% -15.88%
Marital Status

Married-spouse present 15.92% 50.56% -25.50% 20.28% -16.41% 61.01% -26.98% -38.72%

Other -5.80% 34.82% -23.52% 0.07% 13.93% 52.52% -14.12% -0.65%




Table 3. Trends in Job Separation Rates - 1988-2000

All

Age
19-24

25-34
35-44
45-54

Education
High School Dropouts

High School
Some College
College Graduates

Race
White

Nonwhite

Marital Status
Married-spouse present

Other

Marginal Effects Estimated from Probit Equations

Men Women
All All
Separations EE EU EN Separations EE EU EN
-0.0007 * 0.0012 ** -0.0024 ** 0.0004 ** -0.0001 0.0012 ** -0.0009 ** -0.0003
(0.0003) (0.0002) (0.0002) (0.0001) (0.0004) (0.0003) (0.0002) (0.0002)
-0.0009 -0.0004 -0.0018 ** 0.0009 ** 0.0001 0.0000 -0.0002 0.0003
(0.0008) (0.0006) (0.0005) (0.0002) (0.0009) (0.0007) (0.0005) (0.0004)
-0.0017 ** 0.0007 * -0.0027 ** 0.0001 0.0000 0.0015 ** -0.0012 ** -0.0003
(0.0005) (0.0004) (0.0003) (0.0002) (0.0006) (0.0004) (0.0003) (0.0003)
0.0000 0.0023 ** -0.0030 ** 0.0006 ** -0.0009 0.0008 -0.0011 ** -0.0005
(0.0005) (0.0004) (0.0003) (0.0002) (0.0006) (0.0005) (0.0003) (0.0003)
0.0003 0.0014 ** -0.0012 ** 0.0000 0.0009 0.0021 ** -0.0005 -0.0006
(0.0007) (0.0005) (0.0004) (0.0002) (0.0008) (0.0006) (0.0004) (0.0004)
-0.0048 ** 0.0001 -0.0032 ** 0.0001 -0.0001 0.0018 0.0004 -0.0008
(0.0008) (0.0007) (0.0004) (0.0002) (0.0011) (0.0009) (0.0005) (0.0004)
-0.0015 ** 0.0008 * -0.0024 ** 0.0007 ** 0.0000 0.0013 ** -0.0011 ** 0.0002
(0.0005) (0.0004) (0.0003) (0.0002) (0.0006) (0.0005) (0.0003) (0.0003)
0.0000 0.0017 ** -0.0024 ** 0.0003 -0.0006 0.0013 ** -0.0014 ** -0.0005
(0.0006) (0.0004) (0.0004) (0.0002) (0.0006) (0.0005) (0.0004) (0.0003)
0.0018 ** 0.0017 ** -0.0014 ** 0.0003 0.0004 0.0008 -0.0006 -0.0005
(0.0006) (0.0004) (0.0004) (0.0002) (0.0007) (0.0005) (0.0004) (0.0004)
-0.0005 0.0011 ** -0.0023 ** 0.0004 ** -0.0003 0.0010 ** -0.0010 ** -0.0004
(0.0003) (0.0003) (0.0002) (0.0001) (0.0004) (0.0003) (0.0002) (0.0002)
-0.0020 ** 0.0015 * -0.0028 ** 0.0003 0.0012 0.0023 ** -0.0005 0.0000
(0.0008) (0.0006) (0.0005) (0.0002) (0.0008) (0.0006) (0.0004) (0.0004)
0.0005 0.0017 ** -0.0022 ** 0.0003 * -0.0013 ** 0.0008 * -0.0011 ** -0.0008 **
(0.0004) (0.0003) (0.0003) (0.0001) (0.0005) (0.0004) (0.0003) (0.0002)
-0.0023 ** 0.0004 -0.0025 ** 0.0004 ** 0.0013 ** 0.0016 ** -0.0007 ** 0.0004
(0.0005) (0.0004) (0.0003) (0.0001) (0.0005) (0.0004) (0.0003) (0.0003)

Note: Standard errors are in parentheses. ** indicates significance at the 1-percent level. * indicates significance at
the 5-percent level. Separate equations were run for each group of variables, and each equation includes dummy variables
to control for race, age, education, marital status, and region.



Table 4. Change over 1988-2000 period (as a percentage of 1988 transition rates)

All
Age
19-24
25-34
35-44
45-54
Education
High School Dropouts
High School
Some College
College Graduates
Race
White
Nonwhite
Marital Status
Married-spouse present
Other

Men Women
All All
Separations EE EU EN Separations EE EU EN

-3.54%  10.66% -31.31% 25.65% -0.24%  10.47% -16.29% -5.89%
-2.59% -2.01% -12.64% 25.47% 0.17% -0.24% -1.99% 2.93%
-7.24% 5.28% -31.03% 11.28% 0.16% 11.25% -21.14% -5.43%
-0.21%  28.77% -49.47% 72.20% -5.18% 9.24% -25.12% -15.21%
2.09% 23.38% -29.28% 1.34% 6.52% 26.71% -15.88% -17.45%

-16.99% 0.74% -22.15% 4.13% -0.23%  20.24% 4.76% -6.77%
-7.04% 7.25% -26.72% 62.97% 0.20% 12.68% -18.07% 4.00%
0.23% 13.90% -37.99% 13.90% -2.48%  10.54% -28.56% -9.73%
12.68% 15.53% -43.81% 41.25% 2.00% 5.88% -15.55% -15.86%
-2.48% 9.97% -32.09% 29.68% -1.54% 8.11% -19.38% -7.08%
9.11% 16.47% -26.37% 11.84% 591%  26.35% -7.12% -0.62%
2.92% 18.32% -42.19% 37.76% -6.19% 8.09% -26.48% -13.17%
-8.09% 2.60% -21.38% 16.00% 5.53% 12.04% -9.52%  12.25%




Table 5. Couples Equations

All
All (controling for composition)

Earner class
Male primary

Female primary

Equal earner

All
All (controling for composition)
Earner class

Male primary

Female primary

Equal earner

Trends in Job Separation Rates

(Marginal Effects Estimated from Probit Equations)

1975 - 2000 1988 - 2000
All All
Separations EE EU EN Separations EE EU EN
0.0016 ** 0.0021 **  -0.0006 ** 0.0001 * 0.0015 ** 0.0022 **  -0.0012 ** 0.0003
(0.0001) (0.0001) (0.0001) (0.0000) (0.0004) (0.0003) (0.0002) (0.0001)
0.0008 ** 0.0017 **  -0.0008 ** -0.0002 ** 0.0011 ** 0.0020 **  -0.0013 ** 0.0001
(0.0001) (0.0001) (0.0001) (0.0000) (0.0004) (0.0003) (0.0002) (0.0001)
0.0014 ** 0.0015 **  -0.0006 ** 0.0005 ** 0.0017 ** 0.0024 **  -0.0014 ** 0.0006 **
(0.0001) (0.0001) (0.0001) (0.0001) (0.0004) (0.0003) (0.0002) (0.0002)
-0.0008 * 0.0023 **  -0.0009 ** -0.0006 ** 0.0001 0.0009 -0.0003 -0.0001
(0.0003) (0.0003) (0.0002) (0.0001) (0.0010) (0.0008) (0.0006) (0.0003)
0.0000 0.0020 **  -0.0011 ** -0.0007 ** 0.0003 0.0015 **  -0.0014 **  -0.0002
(0.0002) (0.0001) (0.0001) (0.0001) (0.0006) (0.0004) (0.0003) (0.0002)
Change Over Period
(as a percentage of initial year transition rates)
1975 - 2000 1988 - 2000
All All
Separations EE EU EN Separations EE EU EN
19.22% 61.25% -16.22% 5.94% 18.67% 46.16% -49.82% 22.61%
10.05% 51.69% -21.00% -11.49% 13.32% 41.37% -52.93% 9.86%
21.64% 51.63% -18.95% 106.55% 27.60% 65.58% -68.31% 173.93%
-7.57% 103.36% -25.01% -12.35% 1.27% 19.94% -21.85% -1.83%
0.01% 37.47% -18.16% -13.96% 2.21% 18.88% -34.61% -7.32%






